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21tKSeo, 2019; Zhang et al., 2021). 21FA
4% g Eel A2 gxlFeE Frlsta
om thefgt FopollA AFA TS &8st
gdo=z Fgd AFS 7FAa AdckHoward
and Rowsell-Jones, 2019). ©]&€ 5% QAFA]52
£ vk 7P AR 7 oJUMEHEE 4
g koA F5S 9l THChoi et al., 2020).
@JH]O]Ei(blg data)«] &4 7 7}%/‘4 o] Z7}t
stAA QJIFA TS HAe oy
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E 228 e ARl X}Ei}g
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o] QA THDavid and Vikram, 2014; Yutaca,
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H(EDE A= fq] TA]
Ag ARE D83 = L3O H(Dietvorst et al,
2015; Onkal et al., 2009; Promberger and Baron,
2006), JJEASY] QFoE QI7ke] QT T
W 751A HE-S-3HCHDietvorst et al., 2015). T3
ojof7]o| A ek, IFAE g 7R E e
st A2 AA BlEY 2o A RIZEo] /IFAE
S F835t= Ao 2y Yok kA AFAT
o] AN BRE A HA| HFof &-83HA|
o] FRLAT =Yoll=

=y
ZFA] 5 (human intelligence)@} <13
Ao BAE FAELY] AN B
olye}t AZEA 52 7357 (augmentation) = 2]
3 JIFA TS ek WA Fotslr] Al
ZItHDanvenport, 2020; Danvenport and Kirby,
2015; Raisch and Krakowski, 2021; Wilson and
Daugherty, 2018). ThFst 4Fd9] <F 1,500 71 7]
< ZA 71:53} T2 2d& giAs] sl <)
A 5= AHgshE 719-S @711 AL
—“?—017\]”}, gl 7}31]' A3Asol st &
o] 59 SHA H U2 AIE BHllt=
A3 TH(Wilson and Daugherty, 2018). <]
BT B G508 ks TG
2'd(deep learning)?t WA/t H
&5 85% 743 (Wang et al.,
2016), O]U]X] Wao AT =4 YET
. 2019). )1EAF Hoke] tiiE 7]
7\]%% 283 JAATe 4
AgE Aestr] AAstdh vlol A=A
IZre] T8 AP S A3slste Ass
T=8 Zolgt 3F9 A (Nadella, 2016), IBM(2017)
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(Artificial Intelligence) TH4A! 5734 5(Augmented

Intelligence) 0= A Z1-& AT

A AFAEY] FHS AR FHollA
£3] Zx=Ha nk oAEA A A Fagh
F 7K 58 F ARAY 9L dFATo] <
R Hoju = T2 5820 A H(intuition)
< QIzute] 74 = e Aol BE QI Q1F
A5 S Sl HAY JAEA S HE

9171 w&-°]tHColson, 2019; Duan et al., 2019;
Jarrahi, 2018). ¥3}e] £X7} Y WAL =
Aol FokAE A 7193 Aol W
2= AP o HIxet BRAALS S71E Aol
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2.1. ZoXIRd

719 Welie] $7 Wt S weA A &

3}
2 ool M43 AHo] WastE ojAEA
3 #dE ool Ak AFE 2ol Fo

< TFg oA B R oAt
| A Eea ¥y AEA e
H3l =Ae FetiHarvey and Fisher, 1997;
Tetlock, 1985). BlHlo]Ele] 71843 F84 0]
Eoly o) whe} 2252 Izt U] FEAdo] H

ot darg]Fol FAE st len JilES

(Dawes et al., 1989; Logg et al., 2019; Onkal et
al., 2009; Prahl et al., 2013; Prahl and Van Swol,
2017). £ AT E AFA Tl Al=E, &1

% =29 Fol EPHE ow Br
(Shankar, 2018).

AFA Tl AA 2AS HEEA] 17to] A
AR Z2A KT oA o] B &-8(utilization) 3}
= 212 o} tHBurton et al., 2020; Castelo et al.,
2019; Prahl and Van Swol, 2017). 714 24 &
gol@ ojaAge] 210 o8] WalE AEE
2] "] g H(Bonaccio and Dalal, 2006). Dietvorst et
al.2015)2 24 AR, S H 5 HE FHo
A RIEG dagFe dF5He] eskrle
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2009; Promberger and Baron, 2006; Yeomans et al.,
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Wiegman, 2007)¢F ti57t8 9] A5 2 A&
= FAME AFATS o &I rh(Logg

et al., 2019).
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Azbgol
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71&4~8- 29 (Technology Acceptance Model:
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2.3. QJAIZERIL| 4H8Y

7491 7be] HEL olsak ol ek g
el s jele] 44 olsfahs Aol
(Eysenck and Zuckerman, 1978). 7]/
/34143 (conscientiousness), 2]/ (extraversion), %
3}/ (agreeableness), 417 S(neuroticism) .= T+
“J% big five factor = H3EZQ JHEHJO 2 <l
ZHk T Digman, 1990; Goldberg, 1990; McCrae
and Costa, 1987).

2QHGE AR ANAYAY FEAE
olmE Eolx THW ope} elAERAe] A
3 olslE Q2 St} JAREA AR Q1A A
oL} 74 At 22 B8l JPe FE 8
Qlo]th(Brooks and Schweitzer, 2011; Dalal and
Bonaccio, 2010; Gino et al., 2012; Ronayne and
Sgroi, 2018) 2]Z4d(dependency)e]lyt 1314 o]
A3t A A A E 2AE H HFFH02 &85}
™(Bonaccio and Dalal, 2006; Dalal and Bonaccio,
2010; Digman, 1990), &JAFAA=}Fe] 748 AdEi7} &
AAY o 2A-& o 83K Gino and Schweizer,
2008).

E ATollA = big five factor o] 7|3t 2]
AR ;‘éXH AAEA wel 2AA FFER

9 (openness),

219) AR 847 2 Fgo| ojmst 3}
o7t YEAE AFSuA ek Askol BT
AR 2 30 uglo] AL Bol B

-3} (Bonaccio and Dalal, 2006; Dalal and
Bonaccio, 2010; Digman, 1990), 7l®-4do] 733+ A}
He N2 ARY AVES 45402 £&
St= =2 (Gu and Wang, 2009; Kim et al., 2007;

Walczuch and Lundgren, 2004; Ziegler et al.,
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B Ao 1843 AE-S ALsat
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Decision
Maker’s Trait
(Big Five factor)

Advisor

Advice
Perceived
Usefulness

Advice

Type

0 : Human

-

: Artificial Intelligence
2: Human-Al Collaboration

Utilization

(Figure 1) Research Model

A
7 53 %=

9]

A

BAE ST i
g 49.2%), &4 158 tﬂ(so 8%)01

EHE 0T 118 ™(38.0%), 30 T 106 D5}(34.1%), 40
O] o]/Fo] 87 H(27.9%)°1™ HALA} 198 8(63.7%),
SHAY 56 H(18.0%), AAFH
o2 YEhyth

2 71e} 57 H(18.3%)
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SISAIS0| QAEYo| Ojx|= Jgkol| 23t it olZty

Bisol Bel U oAEIRel ¥ SY2 BYo=

H X

(table 1) Description of Advisor type

Advisor type Description
Human The advice is provided as the average prediction value that participants who the top 10%
predictive performance in the experiment to predict the age of the face in the photo.
The advice is provided as the prediction values presented by the artificial intelligence-based
Al prediction system developed in cooperation with the world's leading universities, companies and
research institutes.
Human- Al The advice is provided as the age prediction value presented by the artificial intelligence-based
. prediction system developed by the world's leading universities, companies and research institutes are
Collaboration . .. . . .
reviewed by participants who the top 10% predictive performance in the age of face in the photo.

3RANAE AE B 20e Fastol
AR & 9F volg AFH o A3t |
WAGIA c5E tolg 2 FE Fol WA
A AR HF Hbae] AoIgith 4 BA
A ATEANA B4, 47 54 B Aol
4E P SEs 2988 PR 5
e gnAYA Az A% gt 2 A5
gl Aole} A F2H F AF A% 47
Az o2 gol AolE MIER T WOA

(Weight of Advice)E A& THGino, 2005;
Gino and Moore, 2007; Logg et al., 2019; Yaniv,
2004).

|HF A58 — 2% o5
| AR ol 58k — 2 = o 58k

WOA =

WOA k& 07 1 Atel9] gk 7F4H 0 < 7}
TS Hz dF golx Hept 42 Aos
A& F83A F5E frsta 1o 7k
= 2Q F8ol 2 Aotk WOA ol
Z A5 @ 2949 = He T
f&&t@iir e, 0.5 Bek &
< ZEYvta A9 5 9
k. WOA & Q/\Pé?ﬁ Ao} 271 o= e 2

W
>
)
D
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#e] gkol FYT A9+ B2 0o] B B ol
% 299 G Y £ gonz A
_0_

ks "J?‘} Zuko EASHA] =tk WOA #hol 11
O 2 A7t EEA EAE F oy 1 2 A
A 2]gkt} (Gino, 2008; Harvey and Fischer, 1997).

3.3, W9l XA HI|

Ten-Item Personality Inventory(TIPI)+ big five
factor =0l W} ’SE} Zke] ZfolE HI7TE w)
83 AHEe 54 =7=(Gosling et al.,
2003) TheFet Aol w3kl HEE ol
THNunes et al.,, 2018). tHEZ Q1 10 7]2] F3o
Z big five factor & 7 ]-‘:’i AIZE Ajefe]
£ Aol A faa B AT 44@%2}4
BASA Aol He} 210 AAE -84
225 AoIE T Aol Fafoln A
go] LERIOE o]l ool 47} B
7 ulgol 71 A%
Aol woldl 4 91e-2 TEsted TIPL W2 ol

d S5 (Davis, 1989;
Lee et al., 2005)3 424 &4 2] =(Likert) 7
A HA=E ZA3ATE <Table 2>l AAE Q1A
H 84 B du8 ARE B 1A
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(Table 2) Validity and Reliability Test for Perceived Usefulness

Factor loading matrix )
[tem Communality
Factor
PUI The information provided by advisor improved my estimation 905 819
performance
PU2 The 1nf'orma'1t10n provided by advisor enhanced my effectiveness on 808 806
the estimation task
PU3 The information provided by advisor made it easier to perform 887 287
my estimation.
Eigen value 2.413
Variance (%) 80.439
Cumulative Variance (%) 80.439
Reliability (Cronbach’s Alpha) 0.899

KMO=0.742, Bartlett’s x*=505.329(p<.000)

r ¢ A S BE &0l 0.8 o1
1 FEA(Communality) = 0.7 ©]40. 2 E}G
< TZFHNeH, AEE ¢ulgk(Cronbach’s

alpha)= 0.899 2 A= FZEH AT

M

4. 2MZAY

HFE
od

4.1.

HI
1z

ALE] 38t Lopol| A ZY et FEM4
A 78S 218 w7l (mediator) L} ZHEH S
(moderator)$¥ ofz} wiZHre}t 2HWMTE A
&3 A77F FHLISHA o] FoIA AL U TH(Hayes
and Preacher, 2014; Hayes and Scharkow, 2013;
Jung and Seo, 2016; MacKinnon et al., 2012).
Hayes(2013)= wiZ/l&Es} zdasi opye}
et SHEHES AAHCE HAST F Ue
PROCESS & 7W'¥3l31aL o] AoHe 483 A
TEo°] 571kl 9 th(Jung and Seo, 2016; Kang,
2018).

Hayes(2013)= F-E22E 33 (bootstrapping)”|
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HE ol &3 IHER AS WS A
gl HO]-

7]122] Baron and Kenny(1986) 3 ©A| 7
7} Sobel HSH e Ashs B} 4= 3tk Baron
and Kenny A5 AAAAE B3l vzl &=
£ ASske WHoE AHAoR IPHEANE

=

AgetstA] 7]l HeHd ol

E K

o\

ol iz
7} Faas
As 9 o BFx7e oY T(Cerin and
Mackinnon, 2009; Hayes, 2009; 2013). ulj7/l &3}
A71E AF 4HE3h= Sobel S-S FEEE] A
TS 718714 02 SR THPreacher and Hayes,
2004; 2008; Sobel, 1982), Hayes(2013)7} #] A3
ASHS HEsT HZolth Hayes 7} AAIgE
Process 71" w7l &3 A5 B 5 7HE 94
g Roln OLS 34 235 S 24 2
R EY ifEs, 2dEy) Jea 249 )

Nad 52 2RHoz 42T 5 9on 71
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(Table 3) Descriptive statistics of Perceived Usefulness and WOA

Perceived Usefulness WOA
Advisor type
N Mean SD N Mean S.D
Human 103 4.149 1.407 102 0.447 0.354
Al 105 4.403 1.331 104 0.545 0.364
Human-Al Collaboration 103 4.621 1.153 100 0.524 0.351

(Table 4) Analysis Results (Process Macro model=4, H1, H2)

Cl 95%
Independent variable Dep?ndem b S.E t p
variable LLCI UcCLl
Al Perceived 2264 11802 1.6413 .1019 -.0588 6502
Advisor Usefulness
H -Al
type uman-A 4000 | 1819 28720 | .0044 1645 8805
Collaboration
R*= 0267 F=4.1522 p=0.0166
v Al 2749 0497 1.9800 .0486 .0006 1961
'V1SOr
_ WOA
type Human-Al 2161 0502 15417 | 1242 | -0214 1761
Collaboration
R?= 0141 F=2.1631 p=0.1167
Al 2309 10490 1.6848 0931 -.0139 1791
Advisor q N WOA
type uman-A 1384 | .0500 9912 | 3225 | -.0488 1479
Collaboration
Perceived Usefulness .1943 .0156 3.4186 .0007 .0226 .0839
R’*= .0508 F=5.3885 p=0.0013
89E A3 4=dT= o] UThHayes, 42. IIdAHS
2009; Jung and Seo, 2016; Kang, 2018; MacKinnon )
42.1. AR
2008).
B 3= Hayes(2013)7} A A1$F Process 71 <table 3>°l] A|AE =AA FFE AAH F
Z ey, 2day a8y 249 wpias |4 HGriel 2 89 72FA B4 294E
AES $18] 'Model=4'9} "Model=7"2 #8331 A EH QIAEH 84 Hrke < 1-EA

o 2d% i Es 52 24Uy g
2} Hal= v EHRE Hotete AoEA =
B 2+ & FH(conditional indirect effect)S &5

ol 8
)

2
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(Table 5) Analysis Results (Process Macro model=4, H3)

) Dependent ) Indirect Cl 95%
Independent variable variable Mediator Effect SE LLCl uoL)
Al 0.0440 0.0115 -0.0042 0.0414
Advisor q A WOA Perceived
type Hman-s Usefulness 0.0777 0.0134 0.0061 0.0587
Collaboration
0.5 Ol dog Az o= Fs o FE8TS TATY W 2ALES 7P FA ke o=
& 3 A A AEAY 27 o vehgouk FAR 1 dolrt 24 f3
2 e o BRRE % 4 A 2 folusa 9ee & & Ao
24 #33% 29 AAY F44 B}

o

o
i
fo
)
=
2
=
El

| 2
ox
i
s
ro
ro
2
2

2919 AAY §84 B
—a—}zi M 1 e ARk

AR fEo] 2ALEol FFL FEA
4% mae EAHoR
1631 p=0.1167). w&tA, 714

¢
iﬂ
[
O —
o
>
N
O
o
oy
%)
S
l.h
d’

oI5 0}%%

Beg % % ek BARA @

w e

<table 4>l A A& ]

A8 FgA0 H
4

[
15t 13 750) 2

A€ tl wiNERE A
<Table 5>5 EH Q17 J1FA|50] Y3
Eink 7P Ao HREXE|] 4lE]%10] [0.0061.
0.0587]2 0% 233}A gomg

is=

42.3. ANZHR YHSHO| THET
<Table 6> SIAVAHA A e] 28 Eh
AN Foleh. 2914 Fo] AFAS BE
W 210 QAE -84 Brlse] BAS fro
el 28R Aes uehdth (b-05140,

TS

(Table 6) Analysis Results (Process Macro model=7, H4-1)

) Cl 95%

Independent Variable Coeff SE t p
LLCI ucCLI
Advisor Al -1.9588 7492 2.614 0.009 -0.433 -4844
type Human-Al Collaboration -.2960 7971 -3713 710 -1.865 1.273
Conscientiousness -.1943 1236 -1.571 117 -.438 .0490
Al X Conscientiousness .5140 .1665 3.087 .002 186 .8416
Human-Al Collaboration X 1891 1762 1.073 284 -158 5357

Conscientiousness
R’= .0602 F=3.8414 p=0.0022
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Perceived 55
Usefulness

Lonscientionsiness

Low High

= == Human + + e Human-Al Collaboration

(Figure 2) Interaction effect of Advisor
type and Conscientiousness

2E# A T3E [0.186, 0.8416]
ZHA 7)o BAH O §of
fad TeEE b 4L A
=

B0l el Aol 484
o
=

p=0.002). FE
Atolol = 0 &
meS Al
x]EJ_Q [} :'[:

;<-]]7ﬂ]7<—1 o] d3G
£ AR7|=0 8
3t} (Bano et al, 2019; Lakhal and Khechine,
2017; Svendsen et al., 2013). & A A%
<Figure 2>2] 22 3} Aol HojF50] 4
Aol AEFE JAEAsel AATE 2de H

Al S

r23HA Hrkets vk, Qlzto] AAE 2

>

olr

ig

84 A FPH oI 5§

of r2
ey

=
WA WS & 4 9 At AFA

filo

?‘S‘ﬁf& 7é—°r% A E e A Fe

<Table 7>4 ANRE B AAA ALY 9%
e 2AA F30] ATATYL W (b-0.3834,
p=0.0096)%} <QIZH} QJAFAFo] AT FEefd
o 25 249 A" F84 HUkete #AE
frejmlstAl 2dg &4 2 YET (b=0.3513,
p=0.0153). &3 FEXE] A% 1FA
< 7% [0.0938, 0. 73]9} Ut <l
HA3F 7% [0.068, 0.6346] =5 0 = E35}1A
g7l frovghe A AT 192 vt
A 42 = AAHAU

et grilo] o AMELR A5 &
921 9JgFdo] & A9 AEE 7&d =4
F12 2 -8-3Hch(Bano et al., 2019; Svendsen et al.,
2013). <Figure 3>¢| =4 &3 ZA3E Awnm
gk o] HIdFE AZAE =Y w9} 2zt
AFA 52 dde=z AAT 219 {84
A JAASA R QI7bo] AAG 22 WA

%
Brkeke & 4 Utk

N
N

d

[‘

ol
tﬂ d

OJ.;

::l‘
o

(Table 7) Analysis Results (Process Macro model=7, H4-2)

Independent Variable Coeff SE t p Ol 95%
LLCI UCLI
Advisor Al -1.1106 0.5704 -1.9471 0.0525 | -2.2331 0.0119
type Human-AI Collaboration -0.7598 0.5571 -1.3638 0.1737 -1.8561 0.3366
Extraversion -0.2401 0.1052 -2.2821 0.0232 -0.4471 -0.0331
Al X Extraversion 0.3834 0.1472 2.6051 0.0096 0.0938 0.673
Human-AI Collaboration X Extraversion 0.3513 0.144 2.4399 0.0153 0.068 0.6346

R? =0.0533 F= 33760  p=0.0055
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(Table 8) Analysis Results (Process Macro model=7, H4-3)

) Cl 95%
Independent Variable Coeff SE t p
LLCI UCLI
Advisor Al 1.5832 0.5528 2.864 0.0045 0.4953 2.671
type Human-AlI Collaboration 1.0682 0.5661 1.8872 0.0601 -0.0457 2.1822
Neuroticism 0.3096 0.1325 2.3365 0.0201 0.0488 0.5704
AI X Neuroticism -0.4345 0.1772 -2.4518 0.0148 -0.7832 -0.0857
Human-Al Collaboration X 0.177 0.1835 -0.9647 03355 | -0.5381 0.1841
Neuroticism
R’= 0. 0474 F= 4.0393  p= 0.0075
: A Fejot A7 ©EQl A9 2 F-84
Perceived ___,._-—-"—-.'.. %%ﬂ] ?_X]Q—%??!—‘Z’:g)\q--
Usefulness S//
s ‘--.--.-._-‘-~
o Perceived
Usefulness
Extroversion g =" —
3 _\
Low High -
4 -
= = = Human e— A o o ammms Human-Al Collaboration I -
(Figure 3) Interaction effect of Advisor
type and Extroversion 3 Newoticism
Low High
U]—X] E <Table 8>0“A‘1 ;q]/\] 6’]— 7“%:‘—4_? A +++2¢+ Human o 7] +» e== Hyuman-Al Collaboration
HHEHE AAZL EAS d=Ee Y H4-$ , . .
HEH ° - AT b (Figure 4) Interaction effect of Advisor
Tk 229 AAE FE8A4S Fo TAZ v type and Neuroticism
Al 243 Aoz YElton (b=0.4345,
p=0.0148), HF-EXEZ AZHNE [-0.7832, MAe] AAEAS YeR = big five factor 5
0.0857]10.2 08 ZFsHA o47lo] 71 432 A, A, AAZS 2AA §80] AFA
A7 & & F Uk < A, vy 259 Az tiH] ZOH
%Oﬁ}fﬂ B3 XM E DA wrl= 21450l AAH 8488 2Hske AoE Yeiyth 1
& A ARIE 80 AL Devarsj e} 7k AFA S0l WYY A A
et al., 2008; Lakhal and Khechine, 2017). <Figure AR EA F QAT 2 9] ARH A H
4>0) ZAE JYLE B Bkte] & o /1 zdsE Ao Uy

MRS ASAT BEEoR AN =9
T84e WA AAsH A AFASo] ¥
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(Table 9) Analysis Results (Process Macro model=7, H5)

Index of CI 95%
Trait Advisor Type moderated SE
mediation LLCI UCLI
o Al 0.0274 0.0135 0.005 0.0569
Conscientiousness
Human-AlI Collaboration 0.0101 0.0107 -0.099 0.0328
. Al 0.0204 0.0108 0.0025 0.0433
Extraversion
Human-AI Collaboration 0.0187 0.0094 0.0019 0.0389
o Al 0.0231 0.0116 0.0027 0.0481
Neuroticism -
Human-AI Collaboration 0.0094 0.01 -0.0094 0.0306

(Table 10) Result for Moderated Mediation by degree of Decision-maker trait in advisor type Al

Trait Degree of Trait Effect BootSE ol 9%
LLCI ucCLI
Mean - 1S.D -0.0126 0.0157 -0.0461 0.016
Conscientiousness Mean 0.0164 0.0113 -0.0026 0.0413
Mean +1S.D 0.0454 0.0204 0.0111 0.0915
Mean - 1S.D -0.0093 0.0157 -0.0427 0.0202
Extraversion Mean 0.0161 0.0115 -0.0039 0.0413
Mean +1S.D 0.0416 0.0195 0.0086 0.0838
Mean - 1S.D 0.0403 0.0189 0.0085 0.0815
Neuroticism Mean 0.0168 0.0113 -0.0027 0.0427
Mean +1S.D -0.0067 0.014 -0.0372 0.0199
42.4. QAIZAMA} EMO| ZHE Df7HE Lt ("IN A 4=0.0231, A1F]3F [0.0027, 0.04817)°l

AAAA ] HAEA G o5 AR 29 o8] =dH A9 AAH F849 winay
o128 S-8xo] zolA 93T 201wl 7 2A7 fE I 2A8E BANA FovE

B AEAE JERI=AE A28y g8 © ¢ 7 At R IEHse] fw A
/\_1 ﬂﬁﬁﬂ}ﬂr }_;g% /] J’l‘ﬁ] /\ i]’?l’ Ex‘-j_ = ﬂﬁk/ﬂ(uﬂ7}]7(]_,—_00187 /\Q:I‘Lﬂ' [00019

_ Z% 3t
H 17§ %(index of moderated mediation)E- & 0.0389)F e v A} e Ao

6]—]:]— prsha) tuHX]_,_‘/] A Q;L7]_o] 0SS =3} IJ'F/}'])/J\LE]' 7]‘}‘% 5-1, 5-2, 532
A erom zA” uEHI fousin AT

%%?‘;D}(Hayes 2013). <Table 9>°] A& B =A% %50l dexle wusl B, 24

>'_p

AR JArAARAe] AL EINAT o Fol wEt vz adte] WstE AR
00274, AN T7E [0.005, 0.0569]), A TN FE TE (B -1 EEAR, At =S
2] = = (W FEUAhHE %L—E—c‘v}&l AR A}

=0.0204, A1F] 3T [0.0025, 0.0433]), 21 HZF
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Abstract

A Study on the Impact of Artificial Intelligence
on Decision Making
: Focusing on Human-Al Collaboration and
Decision-Maker’s Personality Trait

JeongSeon Lee* * Bomil Suh** - YoungOk Kwon***

Artificial intelligence (Al) is a key technology that will change the future the most. It affects the
industry as a whole and daily life in various ways. As data availability increases, artificial intelligence finds
an optimal solution and infers/predicts through self-learning. Research and investment related to automation
that discovers and solves problems on its own are ongoing continuously. Automation of artificial
intelligence has benefits such as cost reduction, minimization of human intervention and the difference of
human capability. However, there are side effects, such as limiting the artificial intelligence’s autonomy
and erroneous results due to algorithmic bias. In the labor market, it raises the fear of job replacement.
Prior studies on the utilization of artificial intelligence have shown that individuals do not necessarily use
the information (or advice) it provides. Algorithm error is more sensitive than human error; so, people
avoid algorithms after seeing errors, which is called “algorithm aversion.” Recently, artificial intelligence
has begun to be understood from the perspective of the augmentation of human intelligence. We have
started to be interested in Human-Al collaboration rather than Al alone without human. A study of 1500
companies in various industries found that human-Al collaboration outperformed Al alone. In the medicine
area, pathologist-deep learning collaboration dropped the pathologist cancer diagnosis error rate by 85%.
Leading Al companies, such as IBM and Microsoft, are starting to adopt the direction of Al as augmented
intelligence. Human-Al collaboration is emphasized in the decision-making process, because artificial
intelligence is superior in analysis ability based on information. Intuition is a unique human capability so

that human-Al collaboration can make optimal decisions. In an environment where change is getting faster
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and uncertainty increases, the need for artificial intelligence in decision-making will increase. In addition,
active discussions are expected on approaches that utilize artificial intelligence for rational decision-making.
This study investigates the impact of artificial intelligence on decision-making focuses on human-Al
collaboration and the interaction between the decision maker personal traits and advisor type. The advisors
were classified into three types: human, artificial intelligence, and human-Al collaboration. We investigated
perceived usefulness of advice and the utilization of advice in decision making and whether the
decision-maker’s personal traits are influencing factors. Three hundred and eleven adult male and female
experimenters conducted a task that predicts the age of faces in photos and the results showed that the
advisor type does not directly affect the utilization of advice. The decision-maker utilizes it only when they
believed advice can improve prediction performance. In the case of human-Al collaboration,
decision-makers higher evaluated the perceived usefulness of advice, regardless of the decision maker's
personal traits and the advice was more actively utilized. If the type of advisor was artificial intelligence
alone, decision-makers who scored high in conscientiousness, high in extroversion, or low in neuroticism,
high evaluated the perceived usefulness of the advice so they utilized advice actively. This study has
academic significance in that it focuses on human-Al collaboration that the recent growing interest in
artificial intelligence roles. It has expanded the relevant research area by considering the role of artificial
intelligence as an advisor of decision-making and judgment research, and in aspects of practical
significance, suggested views that companies should consider in order to enhance Al capability. To improve
the effectiveness of Al-based systems, companies not only must introduce high-performance systems, but
also need employees who properly understand digital information presented by Al, and can add non-digital
information to make decisions. Moreover, to increase utilization in Al-based systems, task-oriented
competencies, such as analytical skills and information technology capabilities, are important. in addition,
it is expected that greater performance will be achieved if employee’s personal traits are considered.

Key Words : Human-Al Collaboration, Artificial Intelligence, Augmented Intelligence, Advice Utilization,
Personality Trait
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